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The next step in determining the effect size is to calculate standard deviation. Excel will 

do this as well:

1. Type =STDEV.P and then select the student scores in the pre-assessment 

column again. 

2. Do the same in the post-assessment column.

3. Subtract the pre-assessment from the post-assessment and then divide by the 

standard deviation.* 

Here’s the formula:

Effect size =
 Average (post-assessment)—Average (pre-assessment)

    Average standard deviation or SD*

*You can quickly calculate standard deviation on a number of websites, such as graphpad 

.com/quickcalcs/CImean1.cfm.
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EFFECT SIZE CALCULATION

Name Pre Post
Individual  
Effect Size  

Alexander 12 18 2.61  

Alexis 12 12 0.00  

Alyssa

 

8 16 3.48  

Ana  8 17 4.35  

Andrea  7 11 1.74  

Angel 12 16 1.74  

Bianca 12 18 2.61  

Caitlin  9 11 0.87  

Elena 15 16 0.44  

Elisabeth  9 17 3.48  

Emir  8 16 3.48  

Gabriel 14 16 0.87  

Giovanni 12 20 3.48  

Irvin  9 15 2.61  

Isaiah 11 16 2.18  

Jerod 11 16 2.18  

Jorge 14 18 1.74  

Jose 12 17 2.18  

(Continued)
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In the example found in Figure 31, the standard deviation for the pre-assessment is 

2.43 and the standard deviation for the post-assessment is 2.16. The average of the 

two is 2.30. When the effect size is calculated using the formula above, it comes to 

1.36, which is a strong impact. Just as critical for Ms. Chavez is to then investigate those 

students who were below and above this average in her class—and ask why she had 

positive effects on some students and less on others. Effect sizes provide the critical 

first step—the evidence, then the hard part happens—the interpretation. If surprised by 

the different effect sizes, then Ms. Chavez needs to triangulate by using other forms of 

assessment or revisit some students to seek more evidence of learning. 

Thus, Ms. Chavez can conclude her efforts to improve students’ language skills were 

successful. She can then infer that the asynchronous lessons worked. As a note of 

caution, effect sizes do not establish causation. Ms. Chavez cannot say with confidence 

that these specific actions caused the student’s new understanding, but she should be 

encouraged to share her approach with others so that they can determine the impact it 

might have on their students.

Importantly, when the sample sizes are small, or the content being measured is very nar-

row (e.g., vocabulary compared to deep understanding), or the timeframe is relatively 

short, it’s hard to say how large the effect size should be. In the published research, 

Name Pre Post
Individual  
Effect Size  

Joshua 10 17  3.05  

Kassandra 12 18 2.61  

Keneni  9 16  3.05  

Komad 14 20 2.61  

Makala 12 16  1.74  

Marla 16 13 										-1.31  

Michael 14 17             1.31  

Nick 12 17 2.18  

Santiago 11 16            2.18  

Shakira 14 16            0.87  

Veronica 16 17   0.44  

Wendy  9 17            3.48  

Yasmin 14 20 2.61  

Average       11.59       16.32    

Standard 

Deviation       2.43        2.16   2.30

Effect size         1.36      
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